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Abstract

This paper examines the interplay between corporate bond liquidity and monetary policy in deter-
mining credit spreads dynamics. Using intraday transaction-level data from the Trade Reporting and
Compliance Engine (TRACE), we construct daily bond-specific variables—which include yield, credit
spreads, bid-ask spreads and turnover ratios. Using high-frequency identified shocks for Gurkaynak
et al. (2005) and Nakamura and Steinsson (2018), we estimate the effect of a monetary tightening
on yields and credit spreads, and we find that the path of future interest rates is quantitatively as
important as the federal funds rate in transmitting monetary policy shocks. Furthermore, we docu-
ment that the yield and credit spread for less liquid bonds increases by more as a consequence of a
monetary tightening, even when accounting for differences in risk. Lastly, we show that the loading
of the liquidity risk factor varies over time and strongly anti-correlates with the slope of the yield

curve, suggesting a higher-order nonlinear effect of the liquidity channel.
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1 Introduction

Liquidity in financial markets refers to the ease with which an asset can be traded. In the corporate bond
market, liquidity is critical because bonds are often traded over-the-counter (OTC), making liquidity
highly variable compared to equity markets. In fact, transactions in the corporate bond market is not
as frequent and has to carried out by broker-dealers, that can charge a significant premium on the price.
This lower trade frequency, combined with the market power exerted by dealers, contributes to the
structural illiquidity of OTC markets.

In addition to this, the supply of money and money-like assets plays a pivotal role in amplifying or
mitigating liquidity constraints, influencing the pricing of bonds and their response to economic shocks.
At the same time, liquidity conditions shape how securities traded in OTC markets react to changes in
monetary policy. Given these dynamics, understanding the interaction between liquidity and monetary
policy is essential for a comprehensive analysis of credit market behavior.

Monetary shocks may impact the credit spreads of corporate bonds through a variety of channels.
For instance, by affecting the risk-free rate, they change the attractiveness of riskless securities relative
to corporate debt, which in turn needs to compensate these investors differently. Alternatively, the
probability of default can be affected by changes in the policy rate, as the latter has an impact on
aggregate demand and therefore firms’ profitability and debt sustainability. Investors’ risk appetite itself
can be impacted by these policy changes.

This study explores the extent to which monetary shocks change the ability to trade corporate bonds
in a secondary, decentralized market and how these changes impact the cost of credit. As explored by
Ricardo Lagos and Zhang (2020), monetary policy shock change the aggregate amount of cash-like assets
in the market, thus affecting trading decisions for investors that operate in illiquid markets.

Our first finding is that credit spreads reaction to monetary policy shocks crucially depend on a
combination of default risk and liquidity risk of each bond. In particular, the spread of High-Yield
securities increases by more when highly liquid, whereas high liquidity-Investment Grade bonds suffer
the least from tightening monetary policy. This can be explained by different offloading pressure exerted
by a higher interest rate environment on the two risk categories: where flight-to-safety episodes are more
likely to happen (i.e. in the High-Yield segment) securities that are traded more frequently are more
likely to be re-priced, and hence experience the largest swings in credit spreads.

The liquidity-dependent reaction of credit spreads to monetary shocks points to a very strong liquidity
channel for monetary policy. To disentangle this channel from other, more conventional channels, we
adopt a two-stage estimation procedure, leveraging on the exogeneity of the shocks and their effect. First,
we estimate the impulse responses of liquidity measures to the shocks; hence, we computed the fitted
values of our liquidity measures conditional on each shock level, generating the variation in liquidity

conditions induced by monetary policy. Since this variation is a linear function of an exogenous shock,



it is exogenous as well, hence we can regress the credit spreads on these fitted value to obtain the partial
effect of monetary policy due to the liquidity channel. What we find is that a shock to the target rate
has a meaningful effect on the credit spread through the liquidity channel, and this channel is stronger
in the High-Yield segment than in the Investment Grade segment.

Additionally, we find that the sensitivity of corporate bond excess returns to liquidity risk—measured
through bid-ask spreads and turnover ratios—varies with the level and slope of the yield curve, suggesting
that investors incorporate both current and expected monetary policy stances into bond pricing deci-
sions. This relationship is further reinforced by the observation that liquidity influences how corporate
bond spreads react to monetary policy shocks, with less liquid bonds exhibiting a stronger response.
These findings underscore the importance of liquidity as a transmission channel for monetary policy and
highlight its role in shaping credit market outcomes.

Understanding how monetary policy affects corporate borrowing costs is essential for both financial
stability and macroeconomic policy formulation. By examining the interaction between liquidity and
monetary policy, this study provides new insights into the mechanisms driving credit market dynamics

and the pricing of corporate bonds.

1.1 Literature Review
1.1.1 On Liquidity

Empirical research has developed a range of proxies to measure liquidity in financial markets. Beyond
traditional measures such as turnover ratios—the ratio of traded volume to outstanding securities—and
bid-ask spreads, the literature has introduced more sophisticated metrics. Notable contributions include
price impact measures Kyle (1985), the effective bid-ask spread Roll (1984), and the illiquidity measure
of Amihud (2002), which captures the price impact of trading volume by computing the daily average
return per dollar traded. Edwards et al. (2007) employ bid-ask spreads to assess direct trading costs,
while Bao et al. (2011) introduce a market-adjusted liquidity measure, which accounts for transitory
price movements to reflect varying trading conditions.

Early studies by Amihud and Mendelson (1986]) and Amihud (2002)) highlight the relationship between
liquidity risk, asset prices, and required returns in equity markets. These empirical findings were later
formalized in theoretical models such as those of Acharya and Pedersen (2005). In the context of
corporate bonds, Chen et al. (2007)) and Bao et al. (2011)) confirm that liquidity accounts for a substantial
share of the variation in corporate bond spreads. The importance of liquidity becomes even more
pronounced during periods of financial distress, as illiquidity exacerbates credit spreads, particularly for
bonds with higher default risk Lin et al. (2011). Liquidity shocks can also heighten refinancing risk
and default probabilities, emphasizing the need for liquidity provisions during crises to prevent market

disruptions He and Xiong (2012).



The liquidity of corporate bonds is shaped by multiple factors, including bond characteristics, mar-
ket structure, and macroeconomic conditions. Empirical evidence suggests that bonds with lower credit
ratings and longer maturities tend to be less liquid Houweling et al. (2005). Additionally, callable and
structured bonds exhibit lower liquidity due to their complex valuation Helwege et al. (2014). The
over-the-counter (OTC) nature of corporate bond trading also contributes to fragmented liquidity, dis-
tinguishing it from centralized equity exchanges Bessembinder et al. (2006]). Macroeconomic conditions
further influence liquidity, with studies showing that liquidity deteriorates and trading volumes decline
during financial crises (see Acharya et al. (2013) and Dick-Nielsen et al. (2012))). These patterns were par-
ticularly evident during the Global Financial Crisis, when bond markets experienced a sharp contraction

in liquidity.

1.1.2 On Monetary Policy and Asset Prices

Monetary policy shocks play a critical role in shaping asset prices and returns by influencing interest rates,
risk premia, and expectations about future economic conditions. Classic asset pricing theories suggest
that monetary policy primarily affects risk-free rates, which serve as a discounting mechanism for valuing
financial assets. However, empirical research has shown that monetary shocks have broader effects on
risk premia and asset valuation, often through unexpected changes in central bank policy decisions.
Bernanke and Kuttner (2005) develop an identification strategy to isolate unanticipated monetary policy
shocks using expectation revisions, showing that asset prices respond almost immediately to policy
changes. Similarly, Gertler and Karadi (2015) provide evidence that contractionary monetary shocks
lead to declines in equity prices, driven by increases in the cost of capital and deteriorating expectations
about future earnings. Rigobon and Sack (2004} find that monetary policy surprises result in significant
declines in stock indices, adopting an identification strategy based on the heteroskedasticity of policy
shocks.

Gurkaynak et al. (2005) use high-frequency data around FOMC announcements to isolate demonstrate
that financial markets respond to both current policy rates and central bank communication about the
future trajectory of interest rate. This is confirmed by Nakamura and Steinsson (2018]) who introduce
a method to identify monetary policy news shocks using high-frequency movements in interest rates
around FOMC announcements, controlling for information effects.

Monetary policy also affects bond liquidity. Krishnamurthy and Vissing-Jorgensen (2011)) argue
that higher interest rates can reduce liquidity by increasing holding costs, while quantitative easing (QE)
programs improve liquidity by reducing spreads and stimulating trading activity. The risk-taking channel
of monetary policy further influences market liquidity and risk appetite Borio and Zhu (2012). Monetary
tightening leads to wider credit spreads, reflecting higher default risk and liquidity constraints Hanson

and Stein (2014]).



2 Data

The TRACE database provides detailed trade-level information essential for analyzing corporate bond
market dynamics. Each transaction is uniquely identified by its CUSIP code, which links the bond to
its issuer and characteristics. The dataset also records the trade date and time in Eastern Standard
Time (EST), facilitating an analysis of intraday liquidity fluctuations. In addition to trade timestamps,
TRACE specifies the counterparty type, indicating whether the transaction occurred between two deal-
ers or between a dealer and a customer, and the counterparty side, which denotes whether the trade
represented a purchase or a sale for the reporting dealer.

The dataset further includes key pricing and volume measures. The trade price represents the transac-
tion price per $100 face value, while the yield-to-maturity (YTM) is computed based on the bond’s trade
price, coupon payments, and time to maturity. The trade volume captures the total par value exchanged
in a given trade, with large transactions subject to dissemination caps to limit market impact.

To enrich the dataset with firm-level characteristics, we merge TRACE with the Mergent-FISD
database, which provides bond issuance details, including the credit rating at the time of trade and the
total amount of outstanding debt for each issuer. Additionally, we integrate financial statement data
from COMPUSTAT, focusing on variables related to profitability, liquidity, and leverage. Specifically,
we consider operating margin (before depreciation), return on assets, cash ratio, current ratio, debt-to-
capital ratio, and debt-to-EBITDA ratio, ensuring a comprehensive view of firm-specific determinants of
bond spreads.

We use three different types of high frequency monetary policy shocks. First, we use the target and
path shocks introduced by Gurkaynak et al. (2005) (henceforth, GSS). Target shocks refer to unexpected
changes in the federal funds rate itself, capturing surprises in the immediate policy decision. In contrast,
path shocks reflect changes in market expectations about the future path of policy, measured by move-
ments in longer-term interest rates that are not explained by the current rate change. On top of these,
we also use the monetary policy news shocks introduced by Nakamura and Steinsson (2018]), henceforth

NS shocks.

2.1 Liquidity Measures

The main empirical section of the paper will use the turnover ratio 7 and the bid-ask spread A’ as a
liquidity proxies. Such variable is defined as the volume of trading activity normalized by outstanding

bonds in circulation at the time of the trade:




where V; 5, represents the traded volume of bond ¢ in transaction hh, and O;; denotes the total out-
standing amount of the bond. Clearly, higher daily turnover implies a much more liquid bond, since it
is easier for market participants to transact large fractions of bonds in circulation.

On the other hand, the bid-ask spread is a proxy for the illiquidity of the bond, as it increases
with dealers’ market power and lower trading frequency. Hence, higher bid-ask spreads imply stronger
dependence on dealers and, therefore, more illiquid bonds. First, we compute the bid price as the average

daily sell price from dealer to customer for a specific bond ¢ during day ¢. In formulas:

) 1
Bidi = > Pinn(S,D = C) (2)
hhet
where P; ), represents the price for bond ¢ in transaction hh classified as a dealer-to-customer sale
(S,D — C). The ask price, on the other hand, corresponds to the average daily transaction price for

customer-to-dealer purchases, given by:

1
Askiy = > Piuwn(B,C = D) (3)
hhet

The bid-ask spread is then computed as the normalized difference between bid and ask prices:

Bldzt - ASkit

Abe =9y 0 4
i % Bldlf + ASkit ( )

Turnover captures the quantity dimension of liquidity, whereas bid-ask spreads capture movement
the price dimension. To add on the robustness checks, and to make sure that we use all the available
information contained in quantity and price, we compute a synthetic measure of liquidity identified as

the first principal component of these two variables.

2.2 Credit Spreads

To compute credit spreads, we estimate the risk-free yield curve using the model in Nelson and Siegel

(1987). For each day t, the risk-free yield at maturity 7 is given by:

, 1 —exp(—X\7 1 —exp(—XM\7
(1) =004+ 02y (p( ' )) + 03, <p( )

N7 T - exp()\tT)) (5)

where the parameters (A, 61,4, 02,4, 03,) are estimated using nonlinear least squares from daily yield curve
data on Treasuries. The daily credit spread for bond ¢ is then calculated as the difference between the

bond’s yield and the estimated risk-free yield at the same maturity:

st = YTM;e — yrf (TTM;¢) (6)



where YTM,;; and TTM;; denote the bond’s yield to maturity and time to maturity, respectively.

2.3 Summary Statistics
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Figure 1: Distribution of credit spreads, — log Turnover, and log bid-ask spreads across different corporate
bond rating categories.

Table [1] reports summary statistics for bond-level credit spreads, bid-ask spreads, and turnover,
separately for investment-grade and high-yield bonds. Credit spreads and bid-ask spreads are, on average,
higher for high-yield bonds, reflecting their greater credit and liquidity risk. Both measures also exhibit
significant right skewness and excess kurtosis, indicating the presence of extreme values. Turnover is
slightly higher for high-yield bonds, with similar distributional asymmetries. These statistics highlight
systematic differences in market characteristics across credit risk classes.

Figure [1| shows the distribution of credit spreads, turnover and bid-ask spreads, across different
corporate bond rating categories: AAA-A, BBB, and speculative-grade bonds. As expected, speculative-
grade bonds exhibit fatter right tail in credit spreads distribution, indicating a higher mean and greater
dispersion compared to investment-grade bonds, reflecting their greater default risk. BBB-rated bonds
have a slightly fatter right tail compared to AAA-A but less than speculative-grade bonds. Similarly, the
distribution of liquidity measures for speculative bonds is seems to first-order stochastically dominate
the other two, suggesting lower liquidity.

Figure [2| on the other hand, displays the time series of the daily average of the variable of inter-

est, and the bands within 1 standard deviation from the Mean. A clear cyclical pattern emerges, with
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Figure 2: Time series of daily average credit spreads, turnover, and bid-ask spreads across different
corporate bond rating categories. Bands represent 1 standard deviation above and below average.

Table 1: Summary statistics by risk class

Variable Statistic Investment Grade High Yield
Mean 1.02 1.39
Standard Deviation 1.05 1.23
Q1 0.360 0.54

Credit spread Median 0.73 1.1
Q3 1.30 1.86
Kurtosis 12.98 7.02
Skewness 2.90 2.11
Mean 1.08 1.09

1.29
0.26
0.65

1.17
0.31
0.73

Standard Deviation

Q1

Bid-Ask spread Median

Q3 1.44 1.50
Kurtosis 24.17 24.07
Skewness 3.45 3.30
Mean 0.05 0.06
Standard Deviation 0.08 0.10
Q1 0.00 0.01

Turnover Median 0.02 0.02
Q3 0.05 0.07
Kurtosis 8.90 5.08
Skewness 2.86 2.29




spikes in credit spreads and bid-ask spreads during periods of financial distress, most notably around
the 2008 Global Financial Crisis and the 2020 COVID-19 market shock. Turnover also exhibits cyclical
variations, with declining liquidity during stress periods, particularly for lower-rated bonds. Addition-
ally, speculative-grade bonds show a consistently higher and more volatile credit spread compared to
investment-grade bonds, reinforcing the notion that riskier bonds face greater borrowing costs and more
pronounced liquidity fluctuations in response to market conditions. The overall trends highlight the
strong relationship between market liquidity, bond risk premia, and macroeconomic conditions over

time.

3 Response to Monetary Policy Shocks

3.1 Event Study Analysis

We begin our analysis assessing the effects of monetary policy changes on a set of corporate bond market
outcome variables. In particular, we want to estimate what is the impact of an increase in the policy
rate or in the future path of policy rates on yields, credit spreads and liquidity measures. It is important
to stress the difference between the two different channels-the current policy rate and the expected path
of it-as corporate bonds are know to have high duration compared to other assets, like, for example,
stocks. Hence the future expected trajectory of interest rates, and their influence on long term rates, is
of particular interest when pricing corporate bonds.

The event study consists of estimating the following regression:

Yit = o + Biffry + Boslope;+

+ o +ap + o + € (7)

where ¢ is restricted to be in the set of FOMC announcement days, y € {Yield, Credit Spread, 7, A%},
and oy, oy, . are bond, time and risk fixed effects (r € {HY, IG}). The independent variables of interest
are the policy rate, i.e. the federal funds rate ffr;, and the slope of the yield curve, computed as the 10
year-3 months spread on Treasuries. This last variable is meant to capture the future expected path of
interest rates. Due to endogeneity between the dependent and independent variables, we use the full set
of high-frequency shocks (i.e. GSS target, GSS path and NS) as instruments for the policy variables in
Equation [/} Table [2] shows the result of this estimation. Interestingly, the magnitude of the impact of
shocks to the slope of the yield curve are consistently higher effects on every outcome variable, suggesting
that long term rates, and therefore the future expected path of interest rates, has a higher loading in
pricing corporate bonds.

The next step in our analysis is to assess whether monetary policy has differential effects on the



Table 2: Estimation results for Equation [7] Standard errors in parentheses.

Yield Credit Spread Turnover Abe Price Volume
ffr 1.396%** 0.521%** 0.002 0.420%**  -7.165***  -50825.216*
(0.069) (0.061) (0.005) (0.039) (0.411) (30736.495)
slope  1.646%** 0.866%** 0.025%**  0.650%**  -1.271%%*  140833.444***
(0.052) (0.047) (0.004) (0.028) (0.330) (21603.080)
Table 3: Estimation results for Equation [§] Standard errors in parentheses.
{ = T Abe
Yield Credit Spread Price Yield Credit Spread Price
ffr 1.198%** 0.589*** -6.273%** | 1.199%** 0.476%** -5.204%**
(0.030) (0.035) (0.337) (0.027) (0.026) (0.200)
slope 1.829%#* 0.959%** -3.856%F* | 1,327 0.581*#* -2.419%**
(0.021) (0.026) (0.252) (0.025) (0.025) (0.174)
fir x ¢ 1.572%** 3.290%** -72.233%F*F* | (0.152%** 0.209*** -2.732%%*
(0.528) (0.523) (3.927) (0.028) (0.026) (0.178)
slope x £ -5.817%** -8.072%** 47.951FFF | 0.126%** 0.048 1.699%**
(0.753) (0.861) (7.554) (0.034) (0.032) (0.205)

outcome variables depending on the liquidity of the bonds. To this end, we need to estimate the effect

of the interaction between policy variables and liquidity as in the following equation:

Yit = o+ B1lsy + Baoffry + Baslope; + Baffr; X £i+Bsslope; X Li+

where (¢ represents a bond-specific liquidity measure and y € {Yield, Credit Spread}. A major econo-
metric challenge to the specification of Equation [§]is that liquidity measures change on announcement
day as a consequence of the monetary policy shock, as revealed in Table Furthermore, there are
again endogeneity concerns due to the fact that bonds yields and credit spreads might influence bonds’
tradeability. These observations invalidate the use of contemporaneous liquidity variables 7~ and A®®
introduced in the previous Section. To overcome these issues, we introduce two new liquidity measures,
T and Abe, computed as the average turnover and average bid-ask spread from 30 days prior to the
FOMC announcement up to the day before. The liquidity proxies constructed in this way are therefore

orthogonal to the monetary policy shock, and they classify bonds in the cross section based on their

intrinsic tradeability over a reasonably long horizon.

Table [3| shows the results of the IV estimation of Equation [8] It is clear that less liquid bonds, i.e.

T o+ op+ o+ €

those with lower 7 and higher Abe, are more affected by monetary policy shocks.



3.2 Dynamic Responses and the Liquidity Channel

First, we are interested in assessing whether bonds with different degrees of liquidity are affected differ-
ently by monetary policy shocks. To this end, we split bonds into 4 portfolios, sorted by credit rating
(Investment Grade vs. High Yield) and liquidity (Low, High). This last categorization is performed on
the basis of the distribution of bid-ask spreads or turnover in the 30 days before the observation date:
if the bond is in the top (bottom) half of the liquidity distribution it is labeled as ”"High”, and ”Low”

otherwise. Hence, we generate four risk-liquidity portfolios:

p € {HY-low, HY-high, IG-low, IG-high}

We then estimate the following regression:

Yiaan = ai(h) + D By(h) - [1(i € p) x )] + ' (h)xit + €4t (9)

where €;"? represents the high-frequency identified monetary policy shock and x are aggregate con-
trols.

According to the local projection methodology introduced by Jorda (2005), the impulse response
function of a shock at horizon h is the coefficient §,(h). In fact, the impulse response function of variable

y at horizon h to a monetary policy shock of size v is formally defined as:
IRF(h,t,v) = Et[ysn | €0 = v] = Et[yeyn | €0 = O] (10)

where the operator E; is the expectation conditional on information available at time ¢. Conditional on
the econometric model specified in Equation@ Equation boils down S, (h) -vE| Hence, this framework
allows us to quantify how monetary policy differentially affects credit spreads based on liquidity and
risk exposure, providing insights into the transmission mechanisms of monetary policy in corporate bond
markets.

Figure |3| shows the IRF generated by Equation @ A shock to the current policy rate target (i.e.,
a ”GSS target” shock) leads to an increase in the credit spread, yields and a drop in prices that is
concentrated on the less liquid segment of the market, with the low-liquidity-IG bonds responding the
most. In fact, their yields increase on average by almost 20 basis points, their credit spreads by 15 basis

points and their prices drop by 50 basis points. Low-liquidity-HY bonds also significantly react, although

1This argument can be generalized to nonlinear settings. Assume that y depends on the shock and other aggregates
according to the (smooth) functional form y;yp = ®(x¢,€¢), then the Taylor expansion around O is:

0P
Yi+n = (0,0) + Vx® - x¢ + 2t

where Vx represent the entries of the gradient of ® corresponding to the vector x. Hence, Equation becomes

IRF (h,t,v) = %—‘f, which can be estimated with a linear model as in Equation

10



not as much as their IG counterparts. In contrast, highly liquid bonds are considerably less sensitive to
the shock across all liquidity categories. This suggests that, in the face of immediate monetary policy
tightening, investors prioritize liquidating and illiquid securities, accepting greater price concessions in
the process.

Liquidity does not seem to play a major role in the responses to shocks to the expected path of future
short-term interest rates (i.e., ”GSS path” shocks), where the main differences across names appears to
be driven by risk alone. In fact, IG bonds react on impact to these shocks, experiencing an increase by 10
b.p. in yields, 5 b.p. in credit spreads and a decrease in price by 30 b.p. HY bonds, on the other hand,
are slower to respond, showing a delayed dynamics of the same magnitude as their safer counterparts.
A similar configuration is observed in response to monetary policy news shocks (NS), although in this
case liquidity plays a significant role. In fact, less liquid bonds display a larger movement in response to

the shock, exactly as in the case to the shock to the target rate.

Impulse Responses of Yield by Portfolio to GSS target Impulse Responses of Yield by Portfolio to GSS path Impulse Responses of Yield by Portfolio to NS
02 — Portfolio: Low-IG 0154 — Portfolio: Low-IG 0.20 — Portfolio: Low-G
— Portfolio: High-IG —— Portfolio: High-IG 015 — Portfolio: High-IG
01 —— Portfolio: Low-HY | 0101 — Portfolio: Low-ty | —— Portfolio: Low-HY
= —— Portfolio: High-HY | & — Portfolio: High-HY [ & — Portfolio: High-HY
s | s 0057 £ 005
% o0 3 ]
g o g £ 000 T —mmmtm o e ————————— £ 000
|7 : N :
& & -0.05 & 005
-01
-0.10
-0.10
-0.15
-0.2
o 20 40 60 80 0 20 40 60 80 0 20 40 60 80
Horizon (days) Horizon (days) Horizon (days)
Impulse Responses of Credit Spread by Portfolio to GSS target Impulse Responses of Credit Spread by Portfolio to GSS path Impulse Responses of Credit Spread by Portfolio to NS
o015 015
g 010 A
\ 0.10
0.10
. . 0051
d & e 2 005
S 005 o g \ =
< A L X e 7 S R s ———ans - c
v ~ 0.00
§ oo p-LEe T P NN gmnana-
2 f g 2 -0.05
H —0.057 — Pportfolio: Low-IG 8 610 —— Portfolio: Low-IG g —— Portfolio: Low-IG
_o.10 | — Pertfolio: High1G - —— Portfolio: High-IG —0.10 — Portfolio: High-1G
—— Portfolio: Low-HY —0154 —— Portfolio: Low-HY —— Portfolio: Low-HY
—0.15 4 — Portfolio: High-HY E | —— Portfolio: High-HY' —0.15 — Portfolio: High-HY
o 20 0 60 80 0 20 0 60 80 0 20 0 60 80
Horizon (days) Horizon (days) Horizon (days)
Impulse Responses of Price by Portfolio to GSS target Impulse Responses of Price by Portfolio to GSS path Impulse Responses of Price by Portfolio to NS
1.00
10 0.6
P 064 075
s 05 - — 4 _— & 050
a a 047 a
H £ £ 025
9 3 021 3 \
5 00 s § 000 v
2 2 o0 18 ~
8 —— Portfolio: Low-IG g — Portfolio: Low-IG | § o ’ —— Portfolio: Low-IG
o5 — Portfolio: High-IG 021 — — Portfolio: High-IG — Portfolio: High-IG
—— Portfolio: Low-HY —— Portfolio: Low-HY —0.50 —— Portfolio: Low-HY
— Portfolio: High-HY —0.4 7 — Portfolio: High-HY ors — Portfolio: High-HY

] 20 40 60 80 0 20 40 60 80 0 20 40 6
Horizon (days) Horizon (days) Horizon (days)

g

80

Figure 3: Impulse responses of bond yield, credit spread and price to monetary policy shocks. Bonds
are divided in portfolios sorted by liquidity and , where liquidity is measured by the bid-ask spread.

To quantify the liquidity channel of monetary policy on credit spreads, we proceed in two steps. First,
we apply the same local projection methodology introduced in the previous paragraph to estimate the

partial effect of the monetary policy shock on liquidity. Hence, we first estimate:

bivyn = a;(h) + Z Br(h) - [1(i € ) x &"F] +~v(h)'x; + € (11)
re{HY, IG}

Figure[d] presents the impulse response functions estimated from Equation[I1] The effects of monetary

policy shocks on turnover are quite ambiguous. On one hand, a shock to the target rate drops turnover
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in the first 5 days of trade by 2 basis points, but then it boosts it by roughly the same amount and
persist over time, with no significant difference between risk classes. On the other hand, shocks to future
expected rates and news shocks have a strongly positive effect on turnover, with the High Yield segment
impacted more than the Investment Grade. Overall however, contractionary monetary shocks seem to
improve tradeability of corporate debt, especially so for riskier securities, contradicting much of the
literature.

The effect on Bid-Ask spreads are more in line with what it expected. After an increase in the target
rate, Bid-Ask spreads increase by about 5 basis points for High Yield bonds and by 15 basis points
for Investment Grade bonds, and both stay permanently positive in the considered horizon. A similar
pattern emerges when considering news shocks, whereas interest rates path shocks have a much milder
effect and, although persistent. These responses suggest that monetary policy shocks make the corporate

bonds market less liquid, and particularly so for Investment Grade securities.

GSS target Shock on Turnover GSS path Shock on Turnover NS Shock on Turnover
0.005
— HY — HY — HY
0.004 1 — G — G — 6
0.004 1 0.004
0.003 o
0.003 4 0.003
0.002 o
— - = 0.002
H % 00029 8
S 0.001- 5 S
2 a a
i i % 00014
o x =
=3 < 0.001 =
0.000 1
& & &
0.000 1
—0.001 0.000 7
-0.001
—0.002 4 —0.001 4
—0.002 4
—0.003
T T T T T T T —0.002 1 T T T T T T T T T T T T T T
0 5 10 15 20 25 30 0 5 10 15 20 25 30 0 5 10 15 20 25 30
Horizon (Days) Horizon (Days) Horizon (Days)
GSS target Shock on Bid_Ask spread GSS path Shock on Bid_Ask spread NS Shock on Bid_Ask spread
0.200 7 — HY — HY — HY
— G — G — G
0.175 A 0.06 0127
0.150 - 0.10 1
0.04
5 0125 - T 0.08 1
b i o
[ c c
S S 5
E 0.100 - E E
£ £ 002 e 0061
& 0.075 o &
0.04 1
0.050
0.00
0.02 4
0.025
A SRR, 0.00 T === s
0.000 _0.024
T T T T T T T T T T T T T T T T T T T T T
0 5 10 15 20 25 30 0 5 10 15 20 25 30 0 5 10 15 20 25 30
Horizon (Days) Horizon (Days) Horizon (Days)

Figure 4: Impulse responses of credit spreads to monetary policy shocks, bonds are divided in low and
high liquidity according to their turnover.
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4 Higher-order liquidity channel of monetary policy

We document that another way in which monetary policy affect credit spreads through the liquidity
channel is by changing the liquidity risk factor loading. To this end, we define two liquidity risk factors,
IrfT = —log T and Irf2 = log AP, since they capture the risk associated to trading frictions incurred

by investors.

4.1 Liquidity Risk factor Loading

To assess the time varying nature of the relationship between liquidity risk and credit spreads, for each

month ¢,, we estimate the following panel regression model:

CSit = af:'n + By, Irfy + fygmyoxfgg + 'yém,lx{’; + €4 t ety (12)

where [r f;; represents a liquidity risk factor, and x;%Y and x{ ;. denote aggregate and firm-specific control

variables, respectively. Aggregate controls include the level and slope of the yield curve, the VIX index,
and the ICE-BofA spread between high-yield and investment-grade bonds. Firm-specific controls capture
profitability, liquidity leverage.

Given potential endogeneity concerns, we employ an instrumental variable (IV) approach, using the
average number of trades in the previous 30 days as an instrument for Irf;;. This variable is strongly

correlated with liquidity but is exogenous to current credit spreads.

4.2 Results

Figure[5|and |§| show the dynamics of the coefficient 3;,, over time, plotted against major financial market
events.

Figure [7] and [8] on the other hand, plot these two coefficient against the slope of the yield curve,
measured as the spread between the 10 year Treasury yield and the 3 month Treasury rate. Both charts
hints at a strong anti-correlation between the two variables. To quantify this relationship, we run the

regression:

T OstockStocke,, + ovixVIXy,, +u, (13)

liq 1 mo
tm — X + (b'r‘T + d)slopeSlOpet

tm

with lig € {— log Turnover, log Bid-Ask}. The results are displayed in Table
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Exposure of Credit Spread to Liquidity Over Time, Turnover
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Figure 5: Time series of the coefficient {f;, }, from the rolling regression displayed in Equation
along with major financial market events. The liquidity measure employed is —log 7T .
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Figure 6: Time series of the coefficient {3, }. from the rolling regression displayed in Equation along
with major financial market events. The liquidity measure employed is the log Ab®.
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Liquidity Exposure and Yield Curve Slope, Turnover
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Figure 7: The loading on the liquidity risk factor plotted against the 10 year - 3 month spread highlights
a comovement between the to variables. Liquidity is proxied by — log Turnover.

Liquidity Exposure and Yield Curve Slope, Bid-Ask Spreads
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Figure 8: The loading on the liquidity risk factor plotted against the 10 year - 3 month spread highlights
a negative comovement between the to variables. Liquidity is proxied by log Bid-Ask;;. Only pre-Covid
sample is displayed.
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Dependent variable: 31

—logT log Ab®
const 3.135%** 2.916***
(0.029) (0.210)
rtMo -0.682*** -0.561***
(0.007) (0.102)
slope -0.697*** -0.784***
(0.011) (0.074)
SP500 0.000 0.000*
(0.000) (0.000)
VIX -0.022%** -0.007
(0.001) (0.006)
Observations 138 120
R? 0.557 0.581
Adjusted R? 0.544 0.567
Residual Standard Deviation. Error 0.557 0.449
F Statistic 41.832*** 39.912%**

Table 4: Results of OLS estimation of Equation [I3] Note: *p<0.1; **p<0.05; ***p<0.01
5 Conclusion

This research highlights the crucial role of liquidity in determining how monetary policy shocks affect
corporate credit spreads. The empirical results provide evidence that more liquid bonds display lower
credit spreads all else equal, but they also experience smaller responses to monetary policy shocks.
This suggests that liquidity dampens away the effects of rate hikes. These findings have implications
for policymakers and market participants, emphasizing the need for liquidity considerations in financial

stability assessments and monetary policy design.
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